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*ResNet50 with K-NN achieved the highest test accuracy (89.7%, 95% CI

*Topical combination therapy with imiquimod, 5-fluorouracill,
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treatment option for keratinocyte carcinomas (KCs) that - e e 95% Cl 84.5-93.2) (Table 2).
facilitates remote patient monitoring. py— - e *K-NN approaches outperformed their linear probing counterparts by
Clinical response monitoring includes assessment of /085 | 085 2170 0.55-4.55% in accuracy across all three feature extractors (Table 2).

inflammation intensity, which reflects treatment activity and
guides therapy duration.

*MobileNetV2 with linear probing achieved the highest recall (90.5%,
95% CI 85.5-95.5) (Table 2).
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Artificial intelligence (Al)-based inflammation classification Z:)?e et :95 e :;: *The custom CNN showed the lowest accuracy (80.2%, 95% CI 75.0-
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performance in classifying lesions; however, application to
inflammation assessment in KC treatment remains unexplored.
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*This study evaluates three DL approaches for binary inflammation demonstrating intense
. g . " . " "e . _ "o . 297 305 602 erythema, scgllng, and inflammatory
classification of "active” versus "inactive/minimal” inflammation response during treatment. (C, D) Examples
. . 83 03 176 of "inactive/minimal" inflammation showing
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Table 2. Training and Testing Performance Metrics for Deep Learning Models in Input Image
Inflammation Classification® -

Training Metrics

Optional: training CNN or
linear probing
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*The SC-2000 dataset is the first set of images involved in KC
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) MobileNetv?2 extractor with linear probing, one of the following data
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Thoe labeled dataset was splitinto training (70%), validation NN 85.4) 77.8) 96.5) 83.5) -Pre-trained ResNet50 with K-NN effectively classifies KC inflammation
(20%), and testing (10%) while preventing patient-level data NoLCERRI 85.15% (81.7-  85.0% (79.7-  84.9% (76.7-  84.45% (79.7- status, offering a computationally efficient approach that requires no
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